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1. Introduction

Internet has become part and parcel of life ever since the technological evolution of smart
devices. The good side of social media and online platform includes crowd funding,
reaching out to people and helping to locate loved ones in case of social calamities. On
the other side, ease of access to online platforms enabled to publish dangerous content
and hate speeches and social media created severe impact on social, psychological and
mental wellbeing [1].

This research aims at investigating the capability of Artificial Intelligence (Al) to pre-empt
possible online hate speech in real-time.

2. Research Design

Sentiment analysis is predominantly used for analysing text data to provide a trend
(sentiment) based on conversation or content. This research, to start with aims at
providing a prototype to develop an Early Warning System to alert the user about the
sentiment based on the input and/or content. The project life cycle is presented in Figure
1 with the various tasks and steps involved in the research.
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Figure 1: The Project Life Cycle

In the first stage, the project uses secondary data collected from open resources and
literature. The second stage involves analysis which is used to understand the ‘sentiment’
and update the dataset. This is followed by step three where Dashboard or a form of early
warning system is created.



3. Key Challenge

The success of Al through Machine Learning (ML) enabled sentimental analysis to
perform efficiently to analyze and predict sentiment. However, a fully automated Al is quite
far from reality. For instance, context-based learning requires human intervention and
requires experience. Al stops at learning and acting like human through pre-training but
cannot ‘behave’ or ‘think’ like humans with ‘common sense’ [3].

3. Initial Experiments and Findings

An existing twitter dataset®’ was used for initial experiments, a semi-real time text
classification. The dataset consists of 24783 instances with 1430 of direct hate speech,
19190 abusive and the rest 4163 being non-hate content. The model was able to achieve
an accuracy of 91.3% with Autoencoder neural networks, 88.3 with Support Vector
Machines (SVM), and 84.6 with one-layer Neural Network. When Autoencoder, the auto
encoder was exposed to unknown (not exposed) test data, the accuracy is reduced to
71.8%, a drop of about 20%. It is to be noted that, the classification is performed based
on labelled data .ie., each tweet is a single record with a label. However, when a synthetic
dataset is created unlabeled data with set of rows (a continuation conversation), the
autoencoder achieved an accuracy of 32.6%.

4. Conclusion and Recommendations

Social media is like a sword with two edges. Pre-empting and preventing online hate
speech in real-time could be possible only through Artificial General Intelligence. The
initial experiments with labelled data provided a hope for using Al for hate speech
recognition. However, contextual conversations with multiple lines of data, a challenge
which could be addressed with Artificial General Intelligence.
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